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(57) ABSTRACT

Data analysis is disclosed, including: receiving data to be
analyzed, wherein the data includes one or more data
identifiers (IDs) and one or more preset key-value pairs,
wherein each preset key-value pair includes a preset key and
a preset value; acquiring data to be analyzed based at least
in part on the data IDs; segmenting the acquired data into
one or more data elements; classifying the one or more data
elements based at least in part on one preset key of the one
or more preset key-value pairs; and analyzing the classified
one or more data elements based at least in part on one preset
value of the one or more preset key-value pairs.

17 Claims, 7 Drawing Sheets
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1
DATA ANALYSIS USING MULTIPLE
SYSTEMS

CROSS REFERENCE TO OTHER
APPLICATIONS

This application claims priority to People’s Republic of
China Patent Application No. 201010222602.3 entitled
METHOD, SYSTEM AND SERVER FOR DATA ANALY-
SIS filed Jul. 7, 2010 which is incorporated herein by
reference for all purposes.

FIELD OF THE INVENTION

The present invention relates to the field of computer data
processing.

BACKGROUND OF THE INVENTION

As Web 2.0 technology has developed, the volume of
Internet applications and operational data (e.g., subscriber
action data and platform system data) in Internet platforms
has grown tremendously. To facilitate the processing of
massive quantities of operational data, a parallel data-pro-
cessing architecture is typically used. That is, the processing
of massive quantities of data is accomplished through the
joint collaboration of multiple distributed computers.

Typically, in large Internet website platforms, the most
widely used parallel data processing architecture is the
Hadoop system architecture. The Hadoop system architec-
ture includes a cluster of systems composed of a master
server and multiple slave servers. The master server divides
the massive data into multiple data blocks and then allocates
the divided data blocks to the multiple slave servers that
operate in parallel. Each slave server processes its data block
and sends the processing results to the master server. After
merging the processing results, the master server then out-
puts the merged processing results. In addition, the merged
results output from the master server in one stage of pro-
cessing may also serve as the input for data processing in the
next stage to obtain the next-stage merged results. Such a
combination of parallel and serial processing enables the
parallel data processing system to process massive quantities
of data with a high degree of efficiency.

Such conventional techniques of analyzing data are pri-
marily based on relational databases. However, it is very
difficult to use relational databases to analyze massive
quantities of data in a parallel data processing architecture.
It is particularly difficult to meet demands when it is
necessary to perform complex data analysis such as classi-
fication and report generation.

BRIEF DESCRIPTION OF THE DRAWINGS

Various embodiments of the invention are disclosed in the
following detailed description and the accompanying draw-
ings.

In order to describe more clearly the technical schemes in
the current art and the embodiments of the present applica-
tion, the drawings needed to describe embodiments or the
current art are explained briefly below. Obviously, the draw-
ings described below are only some embodiments of the
present application. A person with ordinary skill in the art
could, without expending inventive effort, acquire other
drawings on the basis of these drawings.
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FIG. 1A is a diagram showing an embodiment of a system
for data analysis, where the system includes a master server
and at least two slave servers.

FIG. 1B is diagram showing an embodiment of a system
for data analysis, where the system includes a main thread
module and at least two child thread modules.

FIG. 2 is a flow diagram showing an embodiment of a
process for data analysis.

FIG. 3 is a flow diagram showing an embodiment of a
process for data analysis.

FIG. 4 is a diagram of an embodiment of a slave server in
a system for data analysis that includes a master server and
at least one slave server.

FIG. 5 is a diagram showing an embodiment of a slave
server in a system for data analysis that includes a master
server and at least one slave server.

FIG. 6 is a diagram showing an embodiment of a slave
server in a system for data analysis that includes a master
server and at least one slave server.

FIG. 7 is a diagram of an embodiment of a child thread
module in a system including a main thread module and one
or more child thread modules.

DETAILED DESCRIPTION

The invention can be implemented in numerous ways,
including as a process; an apparatus; a system; a composi-
tion of matter; a computer program product embodied on a
computer readable storage medium; and/or a processor, such
as a processor configured to execute instructions stored on
and/or provided by a memory coupled to the processor. In
this specification, these implementations, or any other form
that the invention may take, may be referred to as tech-
niques. In general, the order of the steps of disclosed
processes may be altered within the scope of the invention.
Unless stated otherwise, a component such as a processor or
a memory described as being configured to perform a task
may be implemented as a general component that is tem-
porarily configured to perform the task at a given time or a
specific component that is manufactured to perform the task.
As used herein, the term ‘processor’ refers to one or more
devices, circuits, and/or processing cores configured to
process data, such as computer program instructions.

A detailed description of one or more embodiments of the
invention is provided below along with accompanying fig-
ures that illustrate the principles of the invention. The
invention is described in connection with such embodi-
ments, but the invention is not limited to any embodiment.
The scope of the invention is limited only by the claims and
the invention encompasses numerous alternatives, modifi-
cations and equivalents. Numerous specific details are set
forth in the following description in order to provide a
thorough understanding of the invention. These details are
provided for the purpose of example and the invention may
be practiced according to the claims without some or all of
these specific details. For the purpose of clarity, technical
material that is known in the technical fields related to the
invention has not been described in detail so that the
invention is not unnecessarily obscured.

Analysis of massive quantities of data in a parallel data
processing architecture is disclosed. In various embodi-
ments, the parallel data processing architecture includes a
Hadoop system architecture.

FIG. 1A is a diagram showing an embodiment of a system
for data analysis, where the system includes a master server
and at least two slave servers. In the example, system 100
includes: master server 102 and at least two slave servers
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104 and 106. Although only two slave servers are shown in
the example, system 100 can include more than two slave
servers. In various embodiments, master server 102 is con-
nected to either or both of slave server 104 and 106 over a
network (not shown) that can include, for example, a high
speed data and/or telecommunications network.

Master server 102 is configured to send data to be
analyzed (e.g., files) to slave servers 104 and 106. Prefer-
ably, master server 102 allocates different portions of a set
of data among multiple slave servers (e.g., 104 and 106).
However, in some embodiments, master server 102 allocates
at least some of the same portions of a set of data to multiple
slave servers so that each slave server could perform a
different function with the data that it receives. In some
embodiments, the data to be analyzed includes one or more
data identifiers (IDs) and one or more preset key-value pairs,
wherein each preset key-value pair includes a preset key and
a preset value. In some embodiments, a preset key defines
the manner in which a slave server classifies the data to be
analyzed. In some embodiments, a preset value defines the
manner in which a slave server is to analyze and process the
classified data. Master server 102 is also configured to
receive and merge analysis results from slave servers 104
and 106. In some embodiments, after master server 102
merges analysis results received one or more slave servers,
master server 102 is configured to compare the merged
analysis results to historical merged analysis results and to
generate a warning if a condition is met by the comparison.

Slave servers 104 and 106 are configured to receive data
to be analyzed from master server 102. Slave servers 104
and 106 are configured to use the data IDs and preset
key-value pairs to acquire raw data, classify the raw data and
analyze the classified raw data. Slave servers 104 and 106
are configured to send analysis results to master server 102.
Further details regarding a slave server’s functions are
described below.

FIG. 1B is diagram showing an embodiment of a system
for data analysis, where the system includes a main thread
module and at least two child thread modules. In the
example, system 150 includes: main thread 108 and at least
two child thread modules 110 and 112. Although only two
child thread modules are shown in the example, system 150
can include more than two child thread modules.

In some embodiments, main thread module 108, child
thread module 110, and child thread module 112 can be
implemented on one device. In the event that main thread
module 108 and child thread modules 110 and 112 are
implemented on one device, child thread modules 110 and
112 need not use a network to communicate with main
thread module 108 and can instead just use communication
processes that are internal to the device. In some embodi-
ments, main thread module 108 performs functions similar
to those of master server 102 and child thread modules 110
and 112 perform functions similar to those of slave servers
104 and 106.

FIG. 2 is a flow diagram showing an embodiment of a
process for data analysis. In some embodiments, process 200
can be implemented, at least in part, using system 100.

At 201: data to be analyzed is received from a master
server, wherein the data to be analyzed includes one or more
data identifiers (IDs) and one or more preset key-value pairs,
wherein each preset key-value pair includes a preset key and
a preset value. In various embodiments, data to be analyzed
is received at a slave server. In some embodiments, the data
includes files. In some embodiments, a preset key defines the
manner in which a slave server is to classify the data to be
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analyzed. In some embodiments, a preset value defines the
manner in which a slave server is to analyze and process the
classified data.

For example, in a parallel data processing architecture, the
master server sends a set of (e.g., different) files to each
associated slave server. The file includes a data ID and one
or more preset key-value pairs. The data ID in the file
indicates the pre-analysis raw data that the recipient slave
server needs to acquire (e.g., from some form of storage).
For example, data address information (e.g., related to the
associated storage) may serve as the data ID that identifies
the raw data that the recipient slave server is to acquire and
analyze. A preset key-value pair includes a preset key and a
preset value. The preset key defines the manner in which the
slave server classifies the raw data that it is going to analyze.
The preset value defines the manner in which the slave
server is to analyze the raw data after it has been classified
using the preset key.

For example, a preset key-value pair is as follows:
“key=1, 2, 3” (where 1, 2, and 3 represent the first three
positions of values within a sequence of data elements) and
“value=max ($a$+$b$+$c$).” In the example, the definition
of the preset key requires that the recipient slave server
classify the pre-analysis data that have the same values
corresponding to the data elements in the first three positions
of the data sequences (sometimes referred to as sets of data)
into one group. Then, based on the preset value definition,
the slave server is to analyze the data classified into the
group by adding the values corresponding to positions a, b,
and c for each data sequence within the classified group and
then choosing the sum that is the maximum. The chosen
value is the analysis result.

In some embodiments, the preset value definition indi-
cates a function to be performed on the data that is classified
based on the preset key. In some embodiments, the preset
value definition can include one or more of the following:
finding the minimum value (min), finding the maximum
value (max), calculating the mean (average), counting
(count), summing (sum), and directly displaying (plain). In
some embodiments, directly displaying (plain) is used to
display the value(s). Other functions can be indicated by the
preset value definition besides only those discussed above.

At 202: data to be analyzed is acquired based at least in
part on the one or more data IDs. In some embodiments, the
slave server acquires the raw data that is to be analyzed from
a data source based on the received data IDs. In some
embodiments, the data elements included within the
acquired data are segregated by partition IDs.

For example, each slave server obtains the pre-analysis
raw data as indicated by the data ID from a data source. For
example, the data source could be a FTP server, a database
(DB), or a file system. The specific data format could be, for
example, a data table, a record, a log, etc. In addition, the
data elements within the raw data are segregated or delim-
ited by partition IDs. The partition IDs could be, for
example, commas, semicolons, colons, etc. For exemplary
purposes, commas are used herein to represent partition IDs
between data elements.

For example, the following are two sets (or sequences of)
raw data acquired from a data source. In the example, the
raw data was extracted from a log-type of data format. In this
log extract, every data element is segregated from another
data element by a comma. Moreover, this log extract con-
tains a total of two sets of raw data, with a carriage return
serving as the end of each set of data.
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0,203.171.227.117, null, xml, 12005554, taobao.user.get,
0, 0, 0, 172.24.14.65, Xiao Guo cc, 1.0, null, 3, null, O,
1274803197776, 0,0, 0, 1,0, 0,0, 0, 8,0, 0, 0, 9

0, 97.74.215.111, null, xml, 12028711, taobao.taoba-
oke.items.detail.get, 0, 0, null, 172.24.14.65, null, 2.0, md5,
4, null, 221000, 1274803197765, 0, 2, -1, 1, 0, 0, O, 0, 23,
0,0,0,26

At 203: the acquired data is segmented into one or more
data elements. In some embodiments, a slave server seg-
ments the acquired raw data into data elements based on the
partitioned IDs.

Using the previous example, if the data elements are
segregated by the partition IDs of commas, then the first set
of data can be segmented at the commas to form a total of
30 data elements: The first data element is “0”; the second
data element is “203.171.227.117”; the third data element is
“null”; the fourth data element is “xml”; the fifth data
element is “12005554”; the sixth data element is “tao-
bao.user.get”, . . . , and the 30th data element is “9”.

The second set of data can likewise be segmented into 30
data elements in a similar way as described above.

At 204: the one or more data elements are classified based
at least in part on one preset key of the one or more preset
key-value pairs.

For example, if a preset key in one of the preset key-value
pairs is: “key=1, 2, 37, then the data elements referred to by
the preset key are those in the first three positions of a set of
data (after the set of data has been segmented at the partition
IDs). Using the previous example, the segmented data
elements are the data elements in positions 1 through 3: “0,”
©203.171.227.117,” and “null.”

For example, assume that the preset key is “key=1, 2, 3”
and the preset value is “value=max ($a$+$b$+$c$).” In this
example, assume that there are 10 sets of pre-analysis raw
data. Classitying the 10 sets of raw data based on the preset
key “key=l, 2, 3,” includes sorting the sets of data with the
same data elements at positions 1, 2, and 3 into one group.
After the sorting, it is found that 7 of the 10 sets of
pre-analysis data share the same data elements in positions
1 through 3 (e.g., these 7 sets of data are sorted into one
group) and that the other 3 sets of raw data share the same
data elements in positions 1 through 3 (e.g., these 3 sets of
data are sorted into a second group). Thus, the sums of the
data elements in positions a, b and ¢ (positions a, b, and ¢
may or may not be the same as positions 1, 2, and 3) are
calculated for each of the 7 sets of raw data in the one group,
and then the maximum value among the calculated sums is
returned. Similarly, the sums of the data elements at posi-
tions a, b and ¢ are calculated for each of the 3 sets of raw
data in the second group, and then the maximum value
among calculated the sums is returned.

However, when a record includes a large amount of data,
or when the sequence of data elements within the raw data
changes, it is easy for the data elements to be processed
incorrectly. The sequence of data elements within a set of
raw data can change when, for example, a new data element
(e.g., that corresponds to the alias of “responseMapping-
Time”) is added into the sequence. The new data element
could be inserted at any position within the sequence and
thus, change the sequence of at least some of the data
elements that were already part of the sequence. In some
embodiments, when the sequence of data elements within a
set of raw data changes, the definitions of the corresponding
preset keys need to change accordingly. Take a data element
“0” whose corresponding preset key definition is key="1"
(e.g., the preset key of 1 denotes that the position within the
raw data sequence as being the first) as an example, when it
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is moved one position to the right in the raw data sequence,
the definition of its corresponding preset key becomes
key="2”. If, at this point, one wants to refer to the data
element “0”, it becomes necessary to revise the definition of
the preset key in the preset key-value pair. That is, “key=1"
should be revised to “key=2". If it is not revised, the wrong
data element will be referred to by the slave server. In some
embodiments, to ensure that the definition of the preset key
in the preset key-value pair does not need to be revised when
the data element is shifted to a new position within the data
element sequence is to establish an alias for each data
element. The following is an example of a definition of each
data element within a sequence and its corresponding alias.

<aliases™>
<alias name="appStatus” key="1"/>
<alias name="remotelp” key="2"/>
<alias name="partnerld” key="3"/>
<alias name="format” key="“4"/>
<alias name="appKey” key="5"/>
<alias name="apiName” key="6"/>
<alias name="readBytes” key="7"/>
<alias name="errorCode” key="8"/>
<alias name="subErrorCode” key="9"/>
<alias name="locallp” key="“10"/>
<alias name="nick” key="11"/>
<alias name="version” key="12"/>
<alias name="signMethod” key="13"/>
<alias name="tag” key="“14"/>
<alias name="id” key="15"/>
<alias name="responseMappingTime” key=“16"/>
<alias name="timestamp0” key="17"/>
<alias name="timestampl” key="18"/>
<alias name="timestamp2” key="19"/>
<alias name="timestamp3” key="20"/>
<alias name="timestamp4” key="21"/>
<alias name="timestamp5” key="22"/>
<alias name="timestamp6” key="23"/>
<alias name="timestamp7” key="24"/>
<alias name="timestamp8” key="25"/>
<alias name="timestamp9” key="26"/>
<alias name="timestamp10” key="27"/>
<alias name="timestamp11” key="28"/>
<alias name="timestamp12” key="29"/>
<alias name="timestamp13” key="30"/>

</aliases>

As shown in the above example, the alias of the first data
element in a set of data is “appStatus,” the alias of the second
data element is “remotelp,” and so on. In some embodi-
ments, once the alias definitions are used, the preset keys
defined in the preset key-value pairs above are accordingly
replaced by the appropriate defined aliases: key="appStatus,
remotelp, partnerld.” So, even if the first data element “0”
is shifted one position to the right, its position in the record
sequence will change, but its alias will remain as “appSta-
tus” (whereas if the alias were not used, then the corre-
sponding preset key of “1” would be incorrect after the
shift). Thus, when alias definitions are used, it becomes
unnecessary to revise the definition of the preset key in the
preset key-value pair in the event that the corresponding data
element is shifted within the data sequence.

At 205: the classified one or more data elements are
analyzed based at least in part on one preset value of the one
or more preset key-value pairs. In some embodiments, the
classified one or more data elements are analyzed by the
slave server. In some embodiments, the results of the analy-
sis are sent to the master server. In some embodiments, the
master server collects analysis results from more than one
slave server. In some embodiments, the master server can
merge and/or carry out further analysis on the analysis
results collected from one or more slave servers.
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For example, assume that the preset key (using an alias
definition) defined in the preset key-value pair is
“key=version,apiName,format™ and that the defined preset
value is “value=average (SresponseMappingTime$)”. The
slave server, based on the preset key definition, classifies the
subset of acquired raw data sets whose values that corre-
spond to the data elements “version,” “apiName” and “for-
mat” are the same into a group. The slave server, based on
the preset value definition, finds the average of the values
corresponding to the data element “responseMapping Time”
from the sets of data in the group.

The following are examples of definitions of preset key-
value pairs, where each includes a preset key and a corre-
sponding preset value:

<entryList>
<entry name="service name” key="version,apiName,format”
value=“plain ($apiName$)’/>
<entry name="version number” key="version,apiName,format”
value=“plain ($version$)”/>
<entry name="return format” key="“version,apiName,format”
value=“plain ($format$)”/>
<entry name="Mapping time” key="version,apiName,format”
value=“average ($responseMappingTime$)”/>
<entry name="“Mapping time maximum”
key=“version,apiName,format” value="max ($responseMappingTime$)”/>
<entry name="mean task time expended (ms)”
key="version,apiName,format” value=*“average ($timestamp9$)”/>
<entry name="processing total” key="version,apiName,format”
value=“count ( )*/>
</entryList>

In the first example preset key-value pair, the preset key
definition indicates for the slave server to classify raw data
sets that include the same values for the data elements of
“version,” “apiName,” and “format” into one group. The
preset value definition indicates for the slave server to
display the value of the data element “apiName” for each set
of the data included in the group.
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“version,” “apiName,” and “format” into one group. The
preset value definition indicates for the slave server to
calculate the mean of the values corresponding to the data
element “responseMappinglime” for the sets of data
included in the group.

In the fifth example preset key-value pair, the preset key
definition indicates for the slave server to classify raw data
sets that include the same values for the data elements of
“version,” “apiName,” and “format” into one group. The
preset value definition indicates for the slave server to
calculate the maximum of the values corresponding to the
data element “responseMappingTime” for the sets of data
included in the group.

In the sixth example preset key-value pair, the preset key
definition indicates for the slave server to classify raw data
sets that include the same values for the data elements of
“version,” “apiName,” and “format” into one group. The
preset value definition indicates for the slave server to
calculate the mean of the values corresponding to the data
element “timestamp9” for the sets of data included in the
group.

In the seventh example preset key-value pair, the preset
key definition indicates for the slave server to classify raw
data sets that include the same values for the data elements
of “version,” “apiName,” and “format” into one group. The
preset value definition indicates for the slave server to count
the number of classified raw data sets included in the group

In addition, the seven example key-value pairs described
above also indicate the display names (e.g., “entry names™)
of the analysis results, e.g., “service name,” “version num-

2

ber,” “return format,” “Mapping time,” “Mapping time
maximum,” “mean task time expended (ms)” and “process-
ing total.”

The following is an example of data returned from a data
analysis using preset key-value pairs as described above.

Mapping
Version Return Mapping time Mean task time Processing
Service name no. format time maximum expended (ms) total
taobao.areas.get 1 xml 0 0 88.73333 15
taobao.delivery.send 1 json 0 0 417.2395 3561
taobao.delivery.send 1 xml 0 0 423.9512 1210
taobao.fenxiao.alipay.user. get 1 json 0 0 128.5 10
taobao.fenxiao.delivery.send 1 json 0 0 306.25 16
taobao.fenxiao.distributor.add 1 json 0 0 158.2 5
taobao.fenxiao.supplier.punish 1 json 0 0 13.5 4
taobao.fenxiao.supplier.update 1 json 0 0 7 1

In the second example preset key-value pair, the preset
key definition indicates for the slave server to classify raw
data sets that include the same values for the data elements
of “version,” “apiName,” and “format” into one group. The
preset value definition indicates for the slave server to
display the value of the data element “version™ for each set
of the data included in the group.

In the third example key-value pair, the preset key defi-
nition indicates for the slave server to classity raw data sets
that include the same values for the data elements of
“version,” “apiName,” and “format” into one group. The
preset value definition indicates for the slave server to
display the value of the data element “format™ for each set
of the data included in the group.

In the fourth example preset key-value pair, the preset key
definition indicates for the slave server to classify raw data
sets that include the same values for the data elements of
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In the example above, the first line of data (e.g., the row
starting with “taobao.areas.get”) indicates that classification
is to be carried out based on a preset key including the data
elements of “version,” “apiName” and “format.” The data
sets are classified into a group based on the fact that the
“service name,” ‘“version number” and “return format”
(which correspond to “apiName,” “version,” and “return
format™) are “taobao.areas.get”, “1” and “xml,” respectively.
The processing total (the preset value of “count( )”) of the
data sets that are included in this group is 15. Both mapping
time and mapping time maximum (the preset value of “max
($responseMappingTime$)”) for the data sets in this group
are 0. The mean task time (the preset value of “average
($timestamp93)”) expended for the 15 data sets in the group
is 88.73333 ms.

In some embodiments, after each slave server has ana-
lyzed and processed the raw data, it sends its analysis results
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back to the master server. The master server merges the
analysis results received from one or more slave servers. In
some embodiments, the master server can, using the defi-
nitions of the preset keys in the preset key-value pairs,
classify the analysis results received from multiple slave
servers (e.g., each slave server can be located at a different
remote, physical location). In some embodiments, the mas-
ter server then merges the classified analysis results. For
example, a preset key (e.g., as configured by a system
administrator for the master server) can indicate the manner
in which the master server classifies and processes the
analysis results and the preset value (e.g., as configured by
a system administrator for the master server) can indicate the
method by which the master server merges the analysis
results. For example, a master server receives a total of 10
analysis results from 5 slave servers. Using a preset key
definition, 7 sets of the analysis results can be classified
together into one group (e.g., because the 7 sets of data have
the same values corresponding to the data elements specified
in the preset key), and another 3 sets of the analysis results
can be classified together into a second group. Thus, the
master server can, using the preset value definition, analyze
the 7 sets of classified analysis results together, and it can,
using the preset value definition, analyze the 3 sets of
classified analysis results together.

In some embodiments, the techniques described above
can apply to a setup that includes a main thread module and
one or more child thread modules (e.g., system 150). In such
a setup, a main thread module can realize the functions of the
master server and the child thread modules can realize the
functions of the slave servers.

FIG. 3 is a flow diagram showing an embodiment of a
process for data analysis. Process 300 differs from process
200 by at least including an additional technique of filtering
certain data after the data has been classified. In some
embodiments, an administrator (e.g., of the data analysis
system) configures which data is to be filtered out. In some
embodiments, process 300 can be used as an alternative to
process 200.

In the example, 301 to 304 correspond to 201 to 204.

At 301: data to be analyzed is received from a master
server, wherein the data to be analyzed includes one or more
data identifiers (IDs) and one or more preset key-value pairs,
wherein each preset key-value pair includes a preset key and
a preset value. In various embodiments, data to be analyzed
is received at a slave server. In some embodiments, the data
includes files. In some embodiments, a preset key defines the
manner in which a slave server is to classify the data to be
analyzed. In some embodiments, a preset value defines the
manner in which a slave server is to analyze and process the
classified data.

At 302: data to be analyzed is acquired based at least in
part on the data IDs. In some embodiments, the slave server
acquires the raw data that is to be analyzed from a data
source based on the received data IDs. In some embodi-
ments, the data elements included within the acquired data
are segregated by partition 1Ds.

At 303: the acquired data is segmented into one or more
data elements. In some embodiments, a slave server seg-
ments the acquired raw data into data elements based on the
partition 1Ds.

A 304: the one or more data elements are classified based
at least in part on one preset key of the one or more preset
key-value pairs.

At 305: one or more classified data elements that do not
meet a first preset filter condition are discarded.
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For example, after classifying 10 sets of data based a
preset key, a slave server classifies 7 of the sets of data
together into a group and classifies the other 3 sets of data
together into a second group. In the example, a filter
condition has been configured (e.g., by an administrator).
Due to the existence of the preset filter, 2 of the 7 sets of data
in the first group that do not meet the filter condition are
filtered out (e.g., discarded). As a result, the remaining 5 sets
of data (which meet the filter condition and are therefore not
discarded) are processed by the slave server based on the
preset value.

For example, the first preset filter condition can include
conditional expressions such as greater than, less than, not
equal to, greater than or equal to, or less than or equal to a
predetermined value. The first filter condition could specify
a conditional expression for one particular data element
within a set of data. The first filter condition is not limited
to only those described and can be realized in any way to suit
the needs of an administrator of the system.

At 306: the remaining classified one or more data ele-
ments are analyzed based at least in part on one preset value
of the one or more preset key-value pairs. In some embodi-
ments, the classified one or more data elements are analyzed
by the slave server. In some embodiments, at least a subset
of the analysis results that do not meet a second preset filter
condition are filtered out (e.g., discarded). In some embodi-
ments, the results of the analysis are sent to the master
server. In some embodiments, the master server collects
analysis results from more than one slave server. In some
embodiments, the master server can merge and/or carry out
further analysis on the analysis results collected from one or
more slave servers.

In some embodiments, some results of the analysis that do
not comply with a user configured condition are also dis-
carded. For example, the administrator of the system can
configure a second preset filter condition where the second
preset filter condition is applied to the analysis results. The
remaining analysis results (those that meet the second preset
filter condition and are therefore not discarded) are sent to
the master server for further processing, if any.

For example, the second preset filter condition can
include conditional expressions such as greater than, less
than, not equal to, greater than or equal to, or less than or
equal to a predetermined value. The second preset filter
condition could specify a conditional expression for one
particular element within a set of analysis results. The
second preset filter condition is not limited to only those
described and can be realized in any way to suit the needs
of an administrator of the system.

In some embodiments, in addition to performing analysis
on the data, comparative analysis can be performed for one
set of data and another set of data to generate some warn-
ings, if appropriate. By performing comparative analysis,
some problems associated with massive quantities of data
can be avoided. In some embodiments, after the master
server merges the analysis results received from one or more
slave servers, it performs comparative analysis between the
recently merged results with historical merged results and
generates a warning signal based on the comparative analy-
sis results if a warning condition is met. For example, system
administrators may set various warning conditions based on
their own use requirements.

Below are some examples of comparative analysis that
can be performed by a master server:

One example of a comparative analysis includes compar-
ing data merged today with data that was merged from the
day before (or in some embodiments, data from the day
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before that is now merged). For example, the warning
condition is met (and a warning signal is generated) when
the data merged today is smaller than the data merged from
the day before.

Another example of a comparative analysis includes
comparing data merged today with data that was merged last
week. For example, a warning condition can be based on the
comparison between data merged today with data that was
merged last week.

Another example of a comparative analysis includes
comparing data merged today with data that was merged last
month. For example, a warning condition can be based on
the comparison between data merged today with data that
was merged last month.

Another example of a comparative analysis includes
comparing data merged today with data that was merged at
a defined date. For example, a warning condition can be
based on the comparison between data merged today with
data that was merged at the defined date.

The comparative analyses described are merely examples.
Any other form of comparative analysis can be used as well.

In some embodiments, the techniques described for pro-
cess 300 can apply to a setup that includes a main thread
module and one or more child thread modules (e.g., system
150). In such a setup, a main thread module can realize the
functions of the master server and child thread modules can
realize the functions of the slave servers. For example, after
a child thread module classifies the acquired raw data based
on the preset key: the child thread module can filter out the
data that does not meet a first preset filter condition. Then,
the child thread module can analyze the remaining data (that
are not filtered out) based on the preset value. In some
embodiments, the child thread module can also apply a
second preset filter condition to the analysis results and filter
out (e.g., discard) the results that do not meet the condition.
The analysis results that meet the second preset filter con-
dition (which are not discarded) are sent to the main thread
module for further processing, if appropriate. After the main
thread module merges the received analysis results, it can
perform comparative analysis between the merged results
with some historical merged results and generate a warning
signal based on the comparative analysis results.

FIG. 4 is a diagram of an embodiment of a slave server in
a system for data analysis that includes a master server and
at least one slave server. In the example, slave server 400
comprises first file-receiving module 402, first data-acqui-
sition module 402, first data-segmenting module 406, first
data-classifying module 408, and data-computing module
410.

The modules can be implemented as software components
executing on one or more processors, as hardware, such as
programmable logic devices and/or Application Specific
Integrated Circuits designed to perform certain functions, or
a combination thereof. In some embodiments, the modules
can be embodied by a form of software products which can
be stored in a nonvolatile storage medium (such as optical
disk, flash storage device, mobile hard disk, etc.), including
anumber of instructions for making a computer device (such
as personal computers, servers, network equipment, etc.)
implement the methods described in the embodiments of the
present invention. The modules may be implemented on a
single device or distributed across multiple devices.

First file-receiving module 402 is configured to receive
data to be analyzed (e.g., files) sent by the master server. In
some embodiments, the data to be analyzed includes one or
more data identifiers (IDs) and one or more preset key-value
pairs,
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First data-acquisition module 404 is configured to acquire
raw data that are to be analyzed from a data source based on
the received data IDs. In some embodiments, the data
elements included within the acquired data are segregated by
partition 1Ds.

First data-segmenting module 406 is configured to seg-
ment the acquired data into one or more data elements. In
some embodiments, the segmenting is based on the partition
1Ds.

First data-classifying module 408 is configured to classify
the acquired raw data based on the preset key.

First data-computing module 410 is configured to analyze
the classified raw data based on the preset value. In some
embodiments, first data-computing module 410 is also con-
figured to send the analysis results to the master server.

FIG. 5 is a diagram showing an embodiment of a slave
server in a system for data analysis that includes a master
server and at least one slave server. In the example, slave
server 500 is similar to slave server 400 except that slave
server 500 includes the addition of a first filter module 409.

First filter module 409 is configured to filter out (e.g.,
discard) the classified raw data that does not meet a first
preset filter condition. In the example, first data-computing
module 410 is configured to analyze the remaining classified
raw data (e.g., the data that meets the first preset filter
condition and are therefore not discarded) based in the preset
key. In some embodiments, first data-computing module 410
is also configured to send the analysis results to the master
server.

FIG. 6 is a diagram showing an embodiment of a slave
server in a system for data analysis that includes a master
server and at least one slave server. In the example, slave
server 600 is similar to slave server 400 except that slave
server 600 includes the addition of a second filter module
412.

Second filter module 412 is configured to filter out (e.g.,
discard) analysis results that do not meet a second preset
filter condition. In some embodiments, first data-computing
module 410 is configured to send the remaining analysis
results (e.g., the analysis results that meets the second preset
filter condition and are therefore not discarded) are sent to
the master server.

FIG. 7 is a diagram of an embodiment of a child thread
module in a system including a main thread module and one
or more child thread modules. In the example, a child thread
module 70 includes second file-receiving module 702, sec-
ond data-acquisition module 704, second data-segmenting
module 706, second data-classifying module 708, and sec-
ond data-computing module 710. In some embodiments, the
modules are associated with child thread module are imple-
mented on one device. As mentioned above, in some
embodiments, a main thread module can perform the func-
tions of the master server and each child thread module can
be perform the functions of a slave server.

Second file-receiving module 702 is configured to receive
data to be analyzed (e.g., files) sent by the main thread
module. In some embodiments, the data to be analyzed
includes one or more data identifiers (IDs) and one or more
preset key-value pairs.

Second data-acquisition module 704 is configured to
acquire raw data that are to be analyzed from a data source
based on the received data IDs. In some embodiments, the
data elements included within the acquired data are segre-
gated by partition 1Ds.
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Second data-segmenting module 706 is configured to
segment the acquired data into one or more data clements.
In some embodiments, the segmenting is based on the
partition 1Ds.

Second data-classifying module 708 is configured to
classify the acquired raw data based on the preset key.

Second data-computing module 710 is configured to
analyze the classified raw data based on the preset value. In
some embodiments, first data-computing module 410 is also
configured to send the analysis results to the main thread
module.

In some embodiments, child thread module 700 further
includes a third filter module configured to filter out classi-
fied raw data that do not meet a first preset filter condition
from the classified raw data. If the third filter module were
included in child thread module 700, then second data-
computing module 710 would be configured to analyze the
remaining classified raw data (those that meet the preset
filter condition and therefore are not filtered out) based on a
preset value.

In some embodiments, child thread module 700 further
includes a fourth filter module configured to filter out
analysis results that do not meet a second preset filter
condition. If the fourth filter module were included in child
thread module 700, then second data-computing module 710
would be configured to send the remaining analysis results
(those that meet the second preset filter condition and
therefore are not filtered out) to the main thread module.

It needs to be explained that persons with ordinary skill in
the art could understand how to implement all or part of the
processes involved in the methods of the embodiments
described above. They could use computer programs to
instruct the relevant hardware to complete such processes.
Said programs could be stored in readable storage media of
a computer. When the program is running, it could include
embodiments of all the methods described above. Said
storage media could be magnetic disks, optical disks, read-
only memory (ROM) or random access memory (RAM)

Data analysis methods, systems and servers provided by
the present application have been described in detail above.
This document has employed specific embodiments to
expound the principles and forms of implementation of the
present application. The above embodiment explanations are
only meant to aid comprehension of the methods of the
present application and of its core concepts. Moreover, a
person with general skill in the art would, on the basis of the
concepts of the present application, be able to make modi-
fications to specific applications and to the scope of appli-
cations. To summarize the above, the contents of this
description should not be understood as limiting the present
application.

Although the foregoing embodiments have been
described in some detail for purposes of clarity of under-
standing, the invention is not limited to the details provided.
There are many alternative ways of implementing the inven-
tion. The disclosed embodiments are illustrative and not
restrictive.

What is claimed is:

1. A method of data analysis, comprising:

receiving one or more data identifiers (IDs) associated
with data to be analyzed;

receiving a preset key-value pair, wherein the preset
key-value pair includes a preset key and a preset value,
wherein the preset key identifies at least in part a
position of one or more data elements within a set of
data to be analyzed, wherein the preset value identifies
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at least in part a function to be performed on one or
more classified data elements;

associating one or more preset keys with one or more

corresponding aliases;

acquiring data, using one or more processors, to be

analyzed based at least in part on the data IDs, wherein
the acquired data comprises one or more sets of data,
wherein each of the one or more sets of data comprises
one or more data elements;

segmenting each of the one or more sets of data into

corresponding one or more data elements;
classifying the one or more sets of data into one or more
groups of data based at least in part on the preset key,
wherein classifying includes:
comparing one or more data elements that are identified
by the preset key within a first set of data to one or
more data elements that are identified by the preset
key within a second set of data: and
sorting the first set of data and the second set of data
into the one or more groups of data based at least in
part on the comparison;
analyzing the one or more groups of data based at least in
part on the preset value to output a first set of analysis
results, wherein analyzing the one or more groups of
data includes performing a function specified by the
preset value on each of the one or more groups of data;

acquiring a second instance of data, the second instance of
data comprising the one or more sets of data and one or
more new sets of data, the second instance of data
shifting a sequence of the data elements within the one
or more sets of data;

analyzing the second instance of data based at least in part

on the one or more corresponding aliases and the preset
value to output a second set of analysis results; and
send at least one set of analysis results to a master server.

2. The method of claim 1, wherein the preset key indi-
cates, at least in part, a manner in which the data to be
analyzed is to be classified.

3. The method of claim 1, wherein the preset value
indicates, at least in part, a manner in which classified data
is to be analyzed.

4. The method of claim 1, wherein a data ID indicates data
address information at a storage associated with the data to
be analyzed.

5. The method of claim 1, wherein the acquired data
includes one or more data elements, wherein a data element
is segregated from another data element by a partition ID.

6. The method of claim 5, wherein the partition ID
includes one or more of the following: a comma, a semico-
lon, and a colon.

7. The method of claim 1, wherein segmenting the
acquired data into one or more data elements is based at least
in part on one or more partition IDs.

8. The method of claim 1, further comprising discarding
one or more classified data elements that do not meet a first
preset filter condition.

9. The method of claim 8, wherein analyzing the remain-
ing classified one or more data elements generates one or
more analysis results and discarding at least one of the one
or more sets of analysis results that do not meet a second
preset filter condition.

10. The method of claim 1, wherein the data to be
analyzed is received from a master server.

11. The method of claim 1, wherein the data to be
analyzed is received from a main thread module.

12. A system for data analysis, comprising:

a master server including a first processor configured to:
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send one or more data identifiers (IDs) to be analyzed
to at least one slave server;
send a preset key-value pair to the at least one slave
saver, wherein the preset key-value pair includes a
preset key and a preset value, wherein the preset key
identifies at least in part a position of one or more
data elements within a set of data to be analyzed,
wherein the preset value identifies at least in part a
function to be performed on one or more classified
data elements; and
receive analysis results from the at least one slave
server;
the at least one slave server including a second processor
configured to:
receive the one or more data IDs to be analyzed from
the master server;
receive the preset key-value pair;
associate one or more preset keys with one or more
corresponding aliases;
acquire data to be analyzed based at least in part on the
data IDs, wherein the acquired data comprises one or
more sets of data, wherein each of the one or more
sets of data comprises one or more data elements;
segment each of the one or more sets of data into one
or more corresponding data elements;
classify the one or more sets of data into one or more
groups of data based at least in part on the preset key,
wherein to classify includes to:
compare one or more data elements that are identi-
fied by the preset key within a first set of data to
one or more data elements that are identified by
the preset key within a second set of data: and
sort the first set of data and the second set of data into
the one or more groups of data based at least in
part on the comparison;
analyze the one or more groups of data based at least in
part on the preset value to output a first set of
analysis results, wherein analyzing the one or more
groups of data includes performing a function speci-
fied by the preset value on each of the one or more
groups of data;
acquire a second instance of data, the second instance
of data comprising the one or more sets of data and
one or more new sets of data, the second instance of
data shifting a sequence of the data elements within
the one or more sets of data;
analyze the second instance of data based at least in part
on the one or more corresponding aliases and the
preset value to output a second set of analysis results;
and
send at least one set of analysis results to the master
server;
a first memory coupled to the first processor and config-
ured to provide the first processor with instructions; and
a second memory coupled to the second processor and
configured to provide the second processor with
instructions.
13. The system of claim 12, wherein the preset key
indicates, at least in part, a manner in which the data to be
analyzed is to be classified.
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14. The system of claim 12, wherein the preset value
indicates, at least in part, a manner in which classified data
is to be analyzed.

15. The system of claim 12, wherein the second processor
is further configured to discard one or more classified data
elements that do not meet a first preset filter condition.

16. The system of claim 15, wherein the second processor
configured to analyze the remaining classified one or more
data elements includes the second processor configured to
generate one or more analysis results and discard at least one
of the one or more set of analysis results that do not meet a
second preset filter condition.

17. A computer program product for data analysis, the
computer program product being embodied in a non-transi-
tory computer readable medium and comprising computer
instructions for:

receiving one or more data identifiers (IDs) associated

with data to be analyzed;

receiving a preset key-value pair, wherein the preset

key-value pair includes a preset key and a preset value,
wherein the preset key identifies at least in part a
position of one or more data elements within a set of
data to be analyzed, wherein the preset value identifies
at least in part a function to be performed on one or
more classified data elements;

associating one or more preset keys with one or more

corresponding aliases;

acquiring data to be analyzed based at least in part on the

data IDs, wherein the acquired data comprises one or
more sets of data, wherein each of the one or more sets
of data comprises one or more data elements;
segmenting each of the one or more sets of data into
corresponding one or more data elements;
classifying the one or more sets of data into one or more
groups of data based at least in part on the preset key,
wherein classifying includes:
comparing one or more data elements that are identified
by the preset key within a first set of data to one or
more data elements that are identified by the preset
key within a second set of data: and
sorting the first set of data and the second set of data
into the one or more groups of data based at least in
part on the comparison;
analyzing the one or more groups of data based at least in
part on the preset value to output a first set of analysis
results, wherein analyzing the one or more groups of
data includes performing a function specified by the
preset value on each of the one or more groups of data;

acquiring a second instance of data, the second instance of
data comprising the one or more sets of data and one or
more new sets of data, the second instance of data
shifting a sequence of the data elements within the one
or more sets of data;

analyzing the second instance of data based at least in part

on the one or more corresponding aliases and the preset
value to output a second set of analysis results; and
send at least one set of analysis results to a master server.
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